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Data augmentation in natural language processing
——A Text Generation Method Based on Long Short Text Classifier

Leixin Yang
Yunnan Normal University East Area Yunnan Kunming 650000

Abstract: This study proposes a complex generative text data augmentation method aimed at improving the performance of natural
language processing (NLP) tasks in low data environments. Our approach combines the use of new language patterns to increase syntactic
diversity and artificially create training data through specific transformation techniques to improve classifier performance. This article
adopts two sub methods, targeting long and short text tasks respectively, to maintain label quality while improving data innovation. The
research results indicate that compared to non enhanced baselines and other data augmentation techniques, our method can significantly
improve accuracy and F1 score, especially in scenarios with scarce data. In addition, this study evaluated the applicability of the method

from multiple perspectives, including empirical, practical, and theoretical perspectives, and discussed its successful application on different

types of datasets.
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